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| scale of the network changes depending on the set of

gure the network.

patterns,to be recognized. Although it 1s difficult to show precisely
how to choose the network scale parameters, we can offer a few

guidelines”

“a process of constructing a good training set requires hard labor

with an increase in the number of characters to be recognized ”

Fukisuma K. and Wake N. “Handwritten alphanumeric character recognition by the
neocognitron”, (1991) IEEE Transactions on neural networks VOL 2. No 3. May 1991,
pp.355-365.
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=2@nly license plates characters Classes
= Dreplocation invariance
— [JmMitations en Size Variations

o Specific 3-layer netWorks o discrHmination
between ambigous charactersiO/iD 2/ Z, 5/S &t 8/15.

— avoid tuning a large network
— small in size, short training tiMmes; easy e tine
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R class diagram
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image character
processor recognizer

s liniede; PrOCESSON

— succesfully iselatingl all plate; character

o Character recegnizer

— correctly classifying aniselated  chalaClers
— correctly reading a number plates: 7.31%
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zonclusion ‘

ySuEI characteristics
=N sermoverall performance
=2eEWn to 10 pixel character sizes. lLLocation, size & color
[RVariant
S PHOCESSING Improvements

—recognizer 73% — 95%

' DOSt Processing using syntax foncing ( =101%,),
o skeletonizer and neecognitron: configuration/training (=10:%)

— pre-processor 87% = 9556

should be achievable tsing this CONCEPLE

neocognitron CLPR

simulator prototype

Conclusion
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network training.
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